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Numerous studies exist reporting estimates of the theoretical potential for growing bioenergy
crops in Ireland; however a knowledge gap exists on the extent to which Irish farmers would
actually choose to grow these crops. We investigated the influence of selected individual and
farm characteristics on willingness to consider growing bioenergy crops among farm
operators in Ireland. A probit model was used to determine the extent to which these selected
characteristics influence the willingness of farmers to consider alternative cropping systems.
The results showed that willingness to adopt bioenergy crops in Ireland was significantly
influenced by the agricultural educational level of farmers, farm size, and farm system. In the
final model specification, farm profit, land tenancy, general education level of the farm
operator, contact with extension agents and age of the operator were not significant variables

affecting willingness to adopt. The policy implications of the research findings are discussed.
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1. Introduction

The debate regarding the future role of bioenergy crop production in Ireland has heightened
in direct response to a number of issues. Firstly, in response to the reform of the EU Common
Agricultural Policy (CAP), Ireland replaced production-indexed farm subsidies with
production ‘decoupled’ single farm payments (SFP) in 2005, based on land area farmed
during 2000-2002. The introduction of decoupling is expected to lead to a reduction in Irish
livestock numbers (Binfield et al., 2003). The land areas dedicated to both cereal production
and sugar-beet in Ireland are also forecasted to decline due to this reform (Thorne, 2004;
Thorne, 2006). Secondly, dramatic increases in oil, gas and coal prices have recently made
fossil-based electricity and heat production substantially more expensive. These high prices
may reflect a new era of higher energy costs perpetuated by limitations in the rate of oil
supply and rapidly increasing demand from the growing economies of China and India.
Thirdly, the introduction of the EU Emission Trading Scheme (ETS) in 2005 provides
financial incentives for carbon-neutral fuels, including bioenergy, under the EU ETS

legislation (2003/87/EC; 2004/101/EC).

Ensuing from the aforementioned factors there have been numerous studies estimating the
theoretical potential for growing bioenergy crops in Ireland (Rice, 2007), however a
knowledge gap exists on the extent to which Irish farmers would actually choose to grow
these crops. Hence, this piece of research is focused on modelling the factors influencing the
adoption decision at farm level. The hypothesis that there are explanatory variables that could
explain the reason why some individual farmers are reluctant to consider alterations to their
farm profile is examined. It is hypothesised here that farmers’ reluctance to change may be a
result of individual and farm circumstances. An understanding of the factors that influence
the structural change process is important as it provides information for the policy making
process, so that desired structural change can be achieved, based on prevailing social,
political and economic goals (Austin et al., 1998). Furthermore, innovative behaviour is a
topic of practical as well as academic interest because the willingness of farmers to adopt
new techniques is an important determinant of the success of policy initiatives (Willock et al.,
1999). In addition to influencing the agricultural policy debate, the understanding of farmer
response to policy adjustments has important implications for other sectors in addition to

agriculture, as the vibrancy of rural areas can also be affected.
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The following section outlines the background to the research question with reference to
insights from the literature on the adoption process. This section assists in the identification
of explanatory variables that influence the decision making process in the context of
bioenergy crop adoption. The next section outlines the econometric model (probit model) that
was developed to answer the identified research question. Following this, the data used in the
analysis is described and the empirical results of the model are outlined. Conclusions and

discussion of the results are then identified, followed by possible areas of future work.

2. Background

As the debate regarding the future role of bioenergy crop production has heightened, so too
has the debate regarding the potential uptake or supply of bioenergy crops at farm level in
Ireland. Due to the fact that these crops are relatively new to Irish agriculture, limited
knowledge from past experiences can be used to assist in the identification of the
determinants which will influence the farmer adoption process. There is however a
considerable body of literature documenting research on the adoption and diffusion of
innovativeness theory (Rogers, 1995). This literature has been widely used to identify factors
that influence an individual’s decision to adopt or reject an innovation (Boz and Akbay,
2005). While such models do not explicitly model the willingness of farmers to consider or
investigate the conversion of land to bioenergy crop production, they do assist in the
identification of variables which could characterise ‘early adopters’. Boz and Akbay (2005)
identified various models in which credence is assigned to individual characteristics and farm

level variables in the determination of farm level decision making.

In the context of identifying individual farm characteristics that could influence the farmer
adoption process, a number of useful literature sources were identified. To begin with, neo-
classical economic theory suggests that individuals are profit maximisers. Clancy et al.
(2009) stated that widespread adoption of bioenergy crops in Ireland is only likely when the
economic merits of these crops have been proven over an extended period. Many studies
have applied this premise to the farmer decision making process, with Perloff (1991), Ryan
and Gross (1943) and Hennessy (2002) all citing relative profitability as an explanatory
variable of the adoption process in the farming sector. The literature indicates that existing
farm profit levels have a significant positive influence on the willingness of farmers to adopt

new farming practices. Other farm level characteristics identified in the literature as
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explanatory variables in the adoption process were farm size (Hennessy, 2002; Rogers, 1995,
Ryan and Gross, 1943; Rogers and Pitzer, 1960); production system (Austin et al., 1998;
Rosengvist et al., 2000); and contact with extension personnel (Boahene et al., 1999; Rogers

and Pitzer, 1960).

Farm size is hypothesised to have a positive influence on the adoption process, as is contact
with extension personnel. Austin et al., (1998) and Rosenqvist et al., (2000) both found that
existing farmers involved in crop production were more likely to be early adopters of
bioenergy crop production, given that they have previous experience of cropping systems.
Furthermore, Austin et al., (op. cit) and Rosenqvist et al., (op. cit) also found a negative

relationship between bioenergy crop adoption and total forage area of the farm.

Demographic characteristics identified from the literature that were assumed relevant for this
research question included age (Tatlidil, 1989; Brander and Kearl, 1964; Rogers, 1995) and
educational level (Rogers, 1995; Ryan and Gross, 1943; Rogers and Pitzer, 1960). Consistent
with the literature, it is hypothesised that age of the farm operator will have a negative
relationship with adoption. Furthermore, many models have found supporting evidence for
the hypothesis of a life cycle (Huffman and Lange, 1989), which indicates alternative
propensities of work etiquette at different stages during the life cycle of the farmer. In
relation to education level, it is hypothesised that farmer operators with higher levels of
agricultural education will be more willing to consider or investigate the growing of

bioenergy crops.

All of these issues identified from the literature will be examined in the paper. Empirical
studies which have tried to capture the influence of socio-economic variables on farmers'
adoption decision have predominantly used a probit or logit model (Rahm & Huffman, 1984;
Kebede et al., 1990; Rah;ji,1998; Vanslembrouck et al., 2002; Damisa, 2007), with probit in
particular being very common (Rigby et al., 2001). In these models, farmers are assumed to
make adoption decisions based upon an objective of utility maximization. The benefits of
adopting these technologies as well as the cost of adoption are likely to vary across farmers
that are heterogeneous in the availability of human capital and technical skills, and in other
socio-economic characteristics (Nkamleu and Adesina 2000). The results of these papers
indicate that the socio-economic characteristics of the farmer influenced the decision they

made. Therefore, specific information on the influence of socio-economic characteristics of
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adoption would be helpful in the design and implementation of more effective programs to
promote the adoption of agricultural innovations (Nkamleu and Adesina 2000). The methods
used to model the explanatory factors of the adoption process at farm levels are outlined in

the following section.

3. Methodology

In this study, farm-related and individual determinants for the adoption of bioenergy crop
production among Irish farmers are identified and estimated. This research question was
tested empirically by the model:
P{yi=1|x;} = F(xi, B) (1.1)

This binary choice probit model describes the probability that y; = 1, the vector x; containing
individual and farm level characteristics, and where F is a cumulative distribution function
which is bound by the [0,1] interval i.e. 0< F(x;, B) <1. So, the probability that a farmer has
considered or investigated converting land to bioenergy producing crops depends on

specified characteristics.

For the standard probit model adopted for this research a standard normal distribution was
assumed, specified as a log-likelihood equation and estimated using a Maximum Likelihood
Estimation (MLE) model. As the co-efficients from this probit model can not be interpreted
in the same manner as an OLS regression, it was necessary to compute marginal effects and

elasticises to interpret the output from this model.

The goodness of fit of this model was examined using the pseudo R” value. It is to be
expected that the pseudo R* would not be very high in this instance, as cross sectional data is
used. Likelihood ratio tests were used to determine the appropriateness of restricted versus

unrestricted models i.e. whether or not certain variables are necessary in the model.

4. Data

Data from the National Farm Survey (NFS) (Connolly et al. 2007) was used to examine the
research question. The primary objective of the NFS is to collect and analyse information
relating to farming activities. To achieve its objective a farm accounts book is recorded for

each year on a random sample of farms throughout the country. For 2006, 1,177 farms were
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included in the analysis. In addition to the individual farm accounting, performance and
farmer demographic data collected from the NFS on an annual basis, special studies on
individual topics are also conducted. The ‘special study’ survey conducted in 2006 was
concerned with, among other issues, farmers’ intentions/considerations regarding converting
land to producing bioenergy crops. While this survey was conducted by the NFS not all
respondents from the main survey were participants in the special study. As a result, to link
data from the main survey with the special study it was necessary to construct a matched
balanced dataset. Consequently, the sample size of the final dataset used in the analysis was

slightly less than in the original survey, with 998 individual farms included.

In contrast to other empirical studies which have analyzed the determinants of farm structural
change, either on the basis of accounting data and census data (such as Kimhi, 1994;
Stiglbauer and Weiss, 2000) or survey data (such as Glauben et al. 2004), this approach to
examining structural change has an advantage in that the survey data is actually linked to the
individual accountancy and demographic data. Thus, the 2006 farm survey database provides
data on individual characteristics which will be used as explanatory variables in the probit
model. The special survey database provides data on farmers’ considerations regarding
planting intentions of bioenergy producing crops, which will provide the data for the

dependent variable in the model specified.

The explanatory variables selected which were hypothesised to affect WILLINGNESS were:
farm size (SIZE), farm size squared (SIZE2), amount of land owned, expressed as a
percentage of total area farmed (LANDOW), amount of land rented out expressed in hectares
(RENTOUT), farming system was captured as a dummy variable with 1 representing
specialist tillage farms and zero for all other farms (SPECCROPS), total forage area in
hectares (FORAGE), farm profit in thousands of euro per farm (PROFIT), education level of
the farm operator (EDUC) represented by a scale, agricultural education of the farm operator
(AGEDUC) captured as a dummy variable, contact with extension agents (EXTEN) captured
as a dummy variable, age of the operator (AGE), and age of the operator squared (AGE2).
All of the variables used in the probit model are outlined in Table 1, with variable definitions

and the mean values for the sample of farms.
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Table 1: Variable Definitions and Descriptive Statistics

Variable Variable Definition N Sample  Standard  Minimum  Maximum
Mean Deviation

WILLINGNESS Willing to produce bioenergy crops

(0=No/1=Yes) 998  0.07 0.26 0.00 1.00
SIZE Farm size in hectares 998 5242 39.52 5.86 377.20
SIZE2 Farm size squared 958  4308.94 10166.53 34.34 142279.80
LANDOW Amount of land owned (proportion

of Utilisable Agricultural Area) 998  0.93 0.29 0.00 3.85
RENTOUT Hectares of land rented out 998 093 4.77 0.00 52.65
SPECROPS S[f(:lahst crop farm (0 = Not spec; 998 0.07 0.26 0.00 1.00

1 = spec. crop farm)
FORAGE Total forage area (hectares) 998 4344 31.35 0.00 346.30
PROFIT Family Farm Income in 2005

(€°000) 998  27.05 27.97 -32.01 235882.30
EDUC Education level of the farmer (Scale

1-6) 998  2.13 0.98 1.00 6.00
AGEDUC Formal agricultural education (scale

0-1, 0=No/1=Yes) 998  0.57 0.50 0.00 1.00
EXTEN Contact with extension agent

(0=No/1=Yes) 998  0.60 0.49 0.00 1.00
AGE Age of operator (years) 998  53.14 11.96 20.00 83.00
AGE2 Age of operator squared 998  2966.46  1299.89 400.00 6889.00
5. Results

As mentioned above, a standard probit analysis on the likelihood of the farmer considering or
investigating the decision to grow bioenergy crops was applied. The estimation results of the
specified probit model are presented in Table 2. The model is statistically significant at the 1
percent level or better, as measured by the likelihood ratio test. Overall, the results in Table 2
suggest that the probability of innovation at farm level is significantly influenced by a
number of personal and farm characteristics. The marginal effect of each variable on the
probability of the adoption decision is presented in Table 3. The marginal effects show the
change in the probability of choice j given a change in x; . In the case of continuous
explanatory variables, the marginal effect relates to a change of one unit in the variable. For
the binary explanatory variables, the marginal effect is the difference in probabilities between
setting the explanatory variable to one and setting it to zero, given that all other explanatory

variables are set at their sample means.

The size of the farm is shown to have a significant positive impact on potential adoption

behaviour of farmers. The marginal effects in Table 3 show that for a one unit change in
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farm size, the willingness to grow bioenergy crops increase by .002. It is interesting to note
that farm profit is not a significant variable in the adoption decision making process. In a
stepwise regression process, farm profit on its own was significant; however when farm size
is controlled for and included as an explanatory variable the profit variable no longer remains
significant. Since farm profit is positively correlated with farm size (as seen in Appendix 1 in
the correlation matrix), one might conclude that existing farm profit is not an important
explanatory factor in the adoption decision making process when farm size is accounted for.
Hence, the analysis supports the hypothesis that the size of the farm, in terms of land area
farmed, is a more reliable estimator of the expected future earnings from bioenergy crop

production than the current level of farm income.

Table 2: Results of the probit model on the probability of bioenergy crop adoption

Variable Symbol Co-efficient  Standard  Z statistic ~ Prob > |z|
Error

SIZE Farm size in hectares 0.02 0.01 3.05 0.00

SIZE2 Farm size squared -0.00 0.00 -1.62 0.11

LANDOW Amount of land owned (percent 0.08 0.29 0.27 0.78
of UAA)

RENTOUT Hectares of land rented out 0.01 0.01 0.50 0.62

SPECROPS Specialist crop farm (0 = Not 0.87 0.23 3.74 0.00
spec; 1 = spec. crop farm)

FORAGE Total forage area (hectares) -0.01 0.01 -2.53 0.01

PROFIT Family Farm Income in 2005 0.00 0.01 0.54 0.59
(€°000)

EDUC Education level of the farmer 0.06 0.08 0.82 0.41
(Scale 1-6)

AGEDUC Formal agricultural education 0.76 0.20 3.71 0.00
(scale 1-2, 1=No/2=Yes)

EXTEN Contact with extension agent -0.07 0.16 -0.45 0.65
(I1=No/2=Yes)

AGE Age of operator (years) -0.04 0.04 -0.92 0.36

AGE2 Age of operator squared 0.00 0.01 0.84 0.40

_cons -1.82 1.09 -1.66 0.10

Number of observations 998

LR chi2 129.93

Prob>chi2 0.000

Log Likelihood -187.99

Pseudo R2 0.2488
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Table 3: Marginal effects from probit model

SYMBOL Marginal Effect Standard Error Z statistic Prob > |z|
SIZE .002 .00053 2.93 0.003
SIZE2 -.000 .00000 -1.61 0.107
LANDOW .007 .02402 0.27 0.784
RENTOUT .000 .00113 0.50 0.620
SPECROPS 134 .05545 2.42 0.016
FORAGE -.000 .00039 -2.41 0.016
PROFIT .000 .00000 0.54 0.593
EDUC .005 .00643 0.82 0.415
AGEDUC .060 .01479 4.11 0.000
EXTEN -.006 .01370 -0.45 0.655
AGE -.003 .00343 -0.92 0.359
AGE2 .000 .00003 0.84 0.399

In accordance with similar research conducted on the adoption decision making process, an
additional two land area variables, namely total land owned as a percentage of Utilisable
Agricultural Area (UAA) and total land area (hectares) rented out, were included as
explanatory variables in the model. Neither of these two variables were significant, indicating
that size of the farm is the only important variable in the adoption decision making process
and land tenure systems are not important explanatory variables, as was seen in other studies

such as Rosenqvist et al., (2000).

The existing system of farming is shown to be highly significant in the adoption decision
making process. The dummy variable for specialist cropping system shows that existing
specialist tillage farms are more likely to consider or investigate the growing of bioenergy
crops, which one could consider as a proxy for tradition or experience contributing a
significant role to the adoption decision. The marginal effects in Table III show that being a
specialist tillage farmer increases the probability of considering adoption of bioenergy crop
production by 10 percent. Further evidence of the role of traditional farming practices
influencing the adoption decision is shown by the variable total forage area, which shows
forage area has a significant negative effect on the willingness of farm operators to

investigate or consider the growing of bioenergy crops.

The influence of and inter-relationships between individual farm operator characteristics on

the willingness to consider bioenergy crop production is worthy of note. When the age of the
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operator is controlled for on its own (in a step wise regression) it appears to be negatively
correlated with the willingness to adopt new farming practises, whereby younger farmers are
more willing to consider bioenergy crop production, and there is no evidence of the existence
of a significant lifecycle influence. However, when the agricultural education level of the
farm operator is controlled for in the model, agricultural education appears as a highly
significant variable and age of the operator no longer remains as a significant explanatory
variable. Hence, one could consider that age of the operator was not initially explaining a
time horizon factor, i.e. younger farm operators were not willing to consider bioenergy crop
production because of their reduced discount rate applied to future cash flows, but rather age
of the operator was a proxy for education levels of the operator. The inter-relationship
between the age and education variables included in the model show that age on its own is
not a significant variable in the adoption decision making process of bioenergy crop
production but agricultural education of the farm operator is an important factor. Hence,
farmer operators with agricultural education may be more open to new ideas and be more
willing to investigate alternative farming systems. The marginal effects reported in Table III
show that farm operators with formal agricultural education are 6 percent more likely to

consider growing bioenergy crops than farm operators with no formal agricultural education.

Contact with extension agents did not appear as a significant variable affecting the adoption
decision. While the relationship was positive it was not significant. This is contrary to other
findings in the adoption literature where contact with extension agents was a significant

factor affecting the adoption decision (Boahene et al., 1999; Rogers and Pitzer, 1960).

6. Conclusions

The purpose of this study was to determine the influence of farm and individual level
characteristics on the willingness of farmers to investigate the adoption of bioenergy crops in
Ireland. Innovation theory was used as a framework to develop an empirical model. The
probit regression procedure was used to determine the extent to which the selected
explanatory variables influenced the willingness of the farmer to consider adopting the
aforementioned crops. Overall the results confirm that both farm and individual farmer

characteristics are important in the adoption process.
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The research findings related to the farm characteristics: system of farming and farm size, are
consistent with the general literature on the adoption process within agriculture. Consistent
with adoption theory (Boz and Akbay, 2005), this research has shown that farm size is a
positive socioeconomic characteristic, whereby farm size has a positive impact on the
willingness of farmers to consider or investigate the growing of bioenergy crops. Given that
existing farm profit level was not a significant explanatory factor in the adoption process
when farm size was accounted for, it could be concluded that size of the farm is a more
reliable estimator of the expected future earnings from bioenergy crop production than the
current level of farm income. This finding is in accordance with Wiemers and Behan (2004)
who found an unwillingness to switch enterprises for higher returns when examining the

reasons behind the poor uptake of forestry grants.

Unlike other empirical research which has applied innovation theory to examine the adoption
process in agriculture, the importance of extension contact in promoting bioenergy crop
adoption in Ireland did not appear as a significant variable in this research. Given that a
number of the bioenergy crops being highlighted as suitable for Irish growing conditions
(such as willow and miscanthus) incur substantial establishment costs and at the time the
survey was conducted no establishment grant aid was available from the government, it is
possible that farmers and extension agents were adopting a wait and see approach. Rice
(2007) highlighted the need to improve the profitability of growing and processing bioenergy
crops if the industry is to develop to a significant scale. Also, development of extension
activities must be based on, and take into account, the socioeconomic status of the farmer. As
shown in this research a number of variables are highly significant in influencing the
adoption process, whereas other farm level and individual specific variables are less
significant in the adoption process. Following from recommendations outlined by Boz and
Akbay (2005), agricultural extension services must identify and work together with early
adopters, or potential early adopters. Once the early adopters of the innovation or cropping
system accept the idea they will play an important part in influencing other people in the
industry. This can facilitate the work of extension agents in promoting the crops and lowering

program delivery costs.

At the policy level, national government must put in place a coherent policy to encourage
bioenergy crop production in order for Ireland to meet national targets for bioenergy

production set by the European Commission. Mullins (2007) criticised Ireland’s ‘piecemeal
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approach to biofuel production’ which has hindered the ability of biofuel production
companies to operate in the Irish market. The importance of the research findings outlined in
this paper is that policy makers will now be assisted in distinguishing between firms

regarding their likelihood of bioenergy crop adoption.

7. References

Austin, E. J., Willock, J., Deary, LJ., et al. (1998). Empirical models of Farmer Behaviour
using psychological, social and economic variables. Part II: Non-linear and Expert

Modelling. Agricultural Systems, Vol. 58, No. 2, pp. 225 — 241.

Binfield, J., Donnellan, T., Hanrahan, K., and Westhoff, P. (2003). The Luxembourg
Agreement: Implications for EU and Irish Agriculture. Teagasc FAPRI-Ireland.

Boahene, K., Snijders, T.A.B., Folmer, H. (1999). An integrated socioeconomic analysis of
innovation adoption: the case of Hybrid cocoa in Ghana. Journal of Policy Modelling, Vol.

21, pp. 167 — 184.

Boz, 1. and Akbay, C. (2005). Factors influencing the adoption of maize in Kahramanmaras

province of Turkey, Agricultural Economics, Vol. 33, pp. 431 — 440.

Brander, L. and Kearl, B. (1964). Evaluation for congruence as a factor in adoption rate of

innovations. Rural Sociology, Vol. 29, pp. 288 — 303.

Clancy, D., Breen, Butler, A.M., Thorne, F., and Wallace, M. (2009). A discounted cash flow
analysis of financial returns from biomass crops in Ireland. Journal of Farm Management,

Vol. 13, pp. 595 - 611.

Connolly, L., Kinsella, A., Quinlan, G. and Moran B. (2007). National Farm Survey 2006,

Teagasc.

Damisa, M.A. and Yohanna, M. (2007). Role of Rural Women in Farm Management
Decision Making Process: Ordered Probit Analysis. World Journal of Agricultural Science,

pp. 543-546.

ISSN 1816-2495 Page 12 of 16
www.ifmaonline.org




Journal of International Farm Management Vol.5. Ed.4 - June 2011

EU Directive 2003/87/EC of the European Parliament and of the Council of 13 October 2003
establishing a scheme for greenhouse gas emission allowance trading within the Community
and amending Council Directive 96/61/EC (Text with EEA relevance) Official Journal L 275,
25/10/2003 P. 0032 — 0046,
http://europa.eu.int/smartapi/cgi/sga_doc?smartapi!celexplus!prod! CELEXnumdoc&Ig=EN&
numdoc=32003L0087

EU Directive 2004/101/EC of the European Parliament and of the Council of 27 October
2004 amending Directive 2003/87/EC establishing a scheme for greenhouse gas emission
allowance trading within the Community, in respect of the Kyoto Protocol's project
mechanisms, Text with EEA relevance, Official Journal L 338, 13/11/2004 P. 0018 — 0023
http://europa.eu.int/smartapi/cgi/sga_doc?smartapi!celexplus!prod! CELEXnumdoc&lg=EN&
numdoc=32004L0101

Glauben, T., Tietje, H., and Weiss, CR. (2004). Succession in Agriculture: A Probit and a
Competing Risk Analysis. In: Annual Meeting of the American Agricultural Economist

Association, Denver.

Hennessy, T., (2002), Modelling succession on Irish dairy farms. In: 10th EAAE Congress,

Zaragoza.

Huffman, W. and Lange, M. (1989). Off-Farm Work Decisions of Husbands and Wives: Joint
Decision Making. Review of Economics and Statistics, Vol. 71, pp. 471 — 480.

Kebede, Y., Gunjal, K., Coffin, G. (1990). Adoption of new technologies in Ethiopian
agriculture: the case of Tegulet-Bulga District, Shoa Province. Agricultural Economics, Vol.

4.

Kimhi, A. (1994). Optimal Timing of Farm Transferal from Parent to Child. American
Journal of Agricultural Economics, Vol. 76, pp. 228 — 236.

Mullins, J. (2007). Commercial Production of Biofuels, Teagasc National Tillage

Conference, Dolmen Hotel, Carlow, Ireland.

ISSN 1816-2495 Page 13 of 16
www.ifmaonline.org




Journal of International Farm Management Vol.5. Ed.4 - June 2011

Nkamleu, G.B., and Adesina, A.A. (2000). Determinants of chemical input use in peri-urban
lowland systems: bivariate probit analysis in Cameroon. Agricultural Systems, Vol. 63, pp.

111 -121.

Perloft, J., (1991). The impact of wage differentials on choosing to work in Agriculture.
American Journal of Agricultural Economics, Vol. 73, pp. 671 — 680.

Rahji, M.A.Y. (1998). Determinants of Off-farm Work Participation by Farm Households in
Oyo State, Nigeria. Journal of Tropical Forest Resources, Vol. 14, pp. 78 — 87.

Rahm, M.R., and Huffman, W.E. (1984). The adoption of reduced tillage: The role of human
capital and other variables. American Journal of Agricultural Economics, Vol. 66, pp. 405 —

413.

Rigby, D., Young, T., and Burton, M. (2001). The development and prospects for organic
farming in the United Kingdom. Food Policy, Vol. 26, pp. 599 — 613.

Rice, B. (2007) Supplying the Biofuels Sector, National tillage Conference, Dolmen Hotel

Carlow, Teagasc, Oak Park.

Rogers, E.M. and Pitzer, R.L. (1960). The adoption of irrigation by Ohio farmers. Ohio Agri.
Exp. Sta. Res. Bul., 851 Wocester.

Rogers, E.M. (1995). Diffusion of Innovations. 4th edition. Free Press, New York.

Rosenqvist, H., Roos, A., Ling, E. and Hektor, B. (2000). Willow growers in Sweden.
Biomass and Bioenergy, Vol. 18, pp. 137 — 145.

Ryan, B., & Gross, N. C. (1943). The diffusion of hybrid seed corn in two lowa communities.
Rural Sociology, Vol. 8, pp. 15 —24.

Stiglbauer, A. M. and Weiss, C. R. (2000). Family and Non-Family Succession in the Upper-

Austrian Farm Sector. Cahiers d’Economie et Sociologie Rurales, Vol. 54, pp. 6 — 26.

ISSN 1816-2495 Page 14 of 16
www.ifmaonline.org




Journal of International Farm Management Vol.5. Ed.4 - June 2011

Tatlidil, H. (1989). A research on the diffusion and adoption of sprinkler irrigation system in
Polatli District. Ankara University Faculty of Agriculture publications no. 1157, Scientific
Research Series No. 639. Ankara, Turkey.

Thorne, F. (2004). The Impact of the Fischler Reforms on Irish Tillage Farms, In:

Proceedings of the National Tillage Conference, Dolmen Hotel, Carlow.

Thorne, F. (2006). Reform of the common market organisation for sugar: distributional
impacts for Irish sugar beet producers. In: Agricultural Research Forum 2006, Tullamore

Court Hotel, Tullamore.

Vanslembrouck, I., van Hylenbroeck, G., and Verbeke, W. (2002). Determinants of the
willingness of Belgian farmer’s to participate in agri-environmental measures. Journal of

Agricultural Economics, Vol. 53, pp. 489-511.

Wiemers, E. and Behan, J. (2004) Farm Forestry Investment in Ireland under Uncertainty.
The Economic and Social Review, Vol. 35, pp. 305 — 320.

Willock, J., Deary, I.A., Edwards-Jones, G. et al. (1999). The role of attitudes and objectives
in farmer decision making: Business and environmentally-oriented behaviour in Scotland.

Agricultural Economics, Vol. 50, pp. 286 — 303.

ISSN 1816-2495 Page 15 of 16
www.ifmaonline.org




Appendix 1: Correlation Matrix: Coefficients and Significance Levels
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WILLINGNESS
SIZE

SIZE2

LANDOW

RENTOUT

SPECROPS

FORAGE

PROFIT

EDUC

AGEDUC

EXTEN

AGE

AGE2

WILLINGNESS
1.00
0.22
0.00
0.18
0.00
-0.02
0.53
0.09
0.01
0.35
0.00
0.02
0.47
0.19
0.00
0.13
0.00
0.19
0.00
0.09
0.01
-0.09
0.00
-0.09
0.01

SIZE

1.00

0.88
0.00
-0.08
0.01
0.16
0.00
0.17
0.00
0.81
0.00
0.62
0.00
0.17
0.00
0.23
0.00
0.22
0.00
-0.07
0.02
-0.07
0.02

SIZE2

1.00

0.04
0.19
0.20
0.00
0.15
0.00
0.65
0.00
0.46
0.00
0.12
0.00
0.10
0.00
0.11
0.00
-0.01
0.64
0.25
0.43

LANDOW RENTOUT

1.00

0.48
0.00
0.06
0.05
-0.06
0.05
-0.04
0.26
-0.03
0.34
-0.09
0.01
-0.08
0.02
0.20
0.00
0.21
0.00

1.00

0.18
0.00
0.11
0.00
0.11
0.00
0.12
0.00
0.01
0.65
0.00
0.85
0.07
0.03
0.08
0.02

SPECROPS

1.00

-0.14
0.00
0.15
0.01
0.12
0.00
0.12
0.00
0.08
0.02
-0.00
0.98
0.00
0.99

FORAGE PROFIT EDUC AGEDUC

1.00

0.57
0.00
0.14
0.00
0.23
0.00
0.18
0.00
-0.08
0.01
-0.08
0.01

1.00

0.21
0.00
0.32
0.00
0.28
0.00
-0.14
0.00
-0.15
0.00

0.28
0.00
0.09
0.00
-0.40
0.00
-0.40
0.00

1.00

0.29
0.00
-0.40
0.00
-0.40
0.00

EXTEN AGE
1.00

-0.16 1.00
0.00

-0.16 0.99
0.00 0.00

AGE2

1.00
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